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Avg. Estimation error (Frobenius norm) vs time − SO(20)
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∆F (R, R̂t) - von Neumann divergence,Lt= |ŷt−yt|2

R̂t+1 = arg min
R

ηLt(R) + ∆F (R, R̂t)

s.t. RTR = I, RRT = I
det(R) = 1

• Receive: a unit vector xt ∈ Rn at each instance.

• Predict: ŷt = R̂txt based on current estimate R̂t of R∗.

• Receive: true rotated vector yt = R∗xt

• Loss: Incur loss L(ŷt,yt).

• Update: the estimate R̂t.
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