
Monte Carlo Sampling for Regret Minimization in
Large Extensive Games M. Lanctot, K. Waugh, M. Zinkevich, M. Bowling

I Minimize Counterfactual Regret⇒ Nash Eq.
I Problem: iterations require full tree traversal!
I MCCFR: Monte Carlo Sampling of Game Tree
I Asymptotic Improvement on Regret Bound
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Outcome Sampling:

sample a single terminal history

player 2 info set

player 1 info set

player 2 info set

player 1 info set

        update regret for both players

External Sampling:

...
...

...
...

sample a block of terminal histories
based on opponent’s strategy

player 1 info set

player 1 info set

player 2 info set

player 2 info set

update regrets for each player separately
eg. player 1


